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Table 1 Characteristics of runoff analysis models
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Fig.1 Deep learning system of inflow sewage water amount
prediction in wet weather
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Fig. 2 Prediction accuracy of inflow sewage water amount by deep
learning (Including rainwater overflow chambers : A, Not
including rainwater overflow chambers : B)
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Fig.3 Temporal change of inflow sewage water amount prediction
by deep learning using daily maintenance report
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Fig.4 Temporal change of inflow sewage water amount prediction
by deep learning using 3 weather stations data
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